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1 INTRODUCTION

Starting with the research of Kermack and McKendrick [1], in the last century, a huge amount of mathematical epidemic
models have been formulated, analyzed and applied to a variety of infectious diseases, specially during the recent Covid-19
pandemic.

Once an infectious disease developed, the main goal is containing its spread. Several control strategies may be applied,
such as detection and isolation of infectious individuals, lockdowns, or vaccination. However, the detection of infectious
individuals is far from being easy since they may not show symptoms. The presence of asymptomatic cases allows a wide
circulation of a virus in the population, since they often remain unidentified and presumably have more contacts that
symptomatic cases. The contribution of the so called “silent spreaders” to the infection transmission dynamics are relevant
for various communicable diseases, such as Covid-19, influenza, cholera, and shigella [2–8]; hence, asymptomatic cases
should be considered in such mathematical epidemic models.

The containment of the disease with multiple lockdowns or isolation processes affects the transmission of the disease
through the population. Moreover, in real biological systems, some parameters of the model are usually influenced by
random switching of the external environment regime. For example, disease transmission rate in some epidemic model
is influenced by random meteorological factors linked to the survival of many bacteria and viruses [9, 10]. Thus, the
transmission rate as the ability of an infectious individual to transmit infection and also as expression of the contact
rate between individuals can be subject to random fluctuations. Hence, the choice of fixed deterministic parameters
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2 OTTAVIANO

in models is unlikely to be realistic. In epidemiology, many authors have considered random switching systems (also
called hybrid systems), whose distinctive feature is the coexistence of continuous dynamics and discrete events (random
jumps at points in time). In particular, many works consider regime switching of external environments following a
homogeneous continuous-time Markov chain [11–16]. The Markov property facilitates the mathematical analysis,
although it can be a limitation as the sojourn time in each environment is exponentially distributed, which yields con-
stant transition rates between different regimes. However, in reality, the transition rates are usually time-varying; hence,
in each environmental state, the conditional holding time distribution can be not exponential. For example, as shown in
Serra et al. [9] and Small and Morgan [10] and reported in Li et al. [17], the dry spell (consisting of consecutive days with
daily rain amount below some given threshold) length distribution is better modeled by Pearson type III distribution,
gamma distribution, or Weibull distribution.

In this work, in order to include random influences on transmission parameters and overcome the drawback of the
Markov setting, we use a semi-Markov process for describing environmental random changes. Semi-Markov switching
systems are an emerging topic from both theoretical and practical viewpoints, able of capturing inherent uncertainty
and randomness in the environment in many applied fields, ranging from epidemiology to DNA analysis, financial engi-
neering, and wireless communications [18]. Compared to the most common Markov switching systems, they better
characterize a broader range of phenomena but brings more difficulties to their stability analysis and control. Recently,
a semi-Markov switching model has been used to analyze the coexistence and competitiveness of species in ecosystems
[19]. In epidemiology, to the best of our knowledge, there are only very few semi-Markov switching models [17, 20, 21]
and no one of these considers the role of the asymptomatic individuals in the disease dynamics. Thus, in this paper, we
want to fill this gap and improve our understanding of these types of hybrid systems.

Precisely, we study a SAIRS-type model with vaccination, where the total population N is partitioned into four com-
partments, namely S, A, I, R, which represent the fraction of Susceptible, Asymptomatic infected, symptomatic Infected
and Recovered individuals, respectively, such that N = S + A + I + R. The infection can be transmitted to a susceptible
through a contact with either an asymptomatic infectious individual, at rate 𝛽A, or a symptomatic individual, at rate 𝛽I .
Once infected, all susceptible individuals enter an asymptomatic state, indicating a delay between infection and symptom
onset if they occur. Indeed, we include in the asymptomatic class both individuals who will never develop the symptoms
and pre-symptomatic who will eventually become symptomatic. From the asymptomatic compartment, an individual can
either progress to the class of symptomatic infectious I, at rate 𝛼, or recover without ever developing symptoms, at rate 𝛿A.
An infected individuals with symptoms can recover at a rate 𝛿I . We assume that the recovered individuals do not obtain
a long-life immunity and can return to the susceptible state after an average time 1∕𝛾 . We also assume that a proportion
𝜈 of susceptible individuals receive a dose of vaccine which grants them a temporary immunity. We do not add a com-
partment for the vaccinated individuals, not distinguishing the vaccine-induced immunity from the natural one acquired
after recovery from the virus. We consider the vital dynamics of the entire population, and for simplicity, we assume that
the rate of births and deaths are the same, equal to 𝜇; we do not distinguish between natural deaths and disease related
deaths [5].

Moreover, we assume that the environmental regimes (or states) influence the infectious transmission rates 𝛽A and 𝛽I

and that may switch under the action of a semi-Markov process. Accordingly, the values of 𝛽A and 𝛽I switch between
different levels depending on the state in which the process is.

The paper is organized as follows. In Section 2, we provide some basic concepts of semi-Markov processes and determine
the SAIRS model under study. We show the existence of a unique global positive solution and find a positive invariant
set for the system. In Section 3, we investigate the threshold dynamics of the model. Precisely, first, we find two different
sufficient conditions for the almost surely extinction that are interchangeable, meaning that it is sufficient that one of the
two are verified to ensure the extinction. After, we find a sufficient condition for the almost surely persistence in time
mean of the system. We obtain two regions, depending on the model parameters, one where the system goes to extinction
almost surely and another one where it is stochastic persistent, that are not adjacent. However, we show that in the case
𝛽A(r) = 𝛽I(r) ∶= 𝛽(r), 𝛿A(r) = 𝛿I(r) ∶= 𝛿(r), there is no gap between these two regions and we find a threshold value
0 separating them. We find that its position with respect to one determines the almost surely disease extinction or the
persistence in time mean.

In Section 5, as well as in Section 6, for simplicity, we restrict the analysis to the case of a semi-Markov process with
two states. Under the disease persistence condition, we investigate the omega-limit set of the system. The introduction of
the backward recurrence time process, that keeps track of the time elapsed since the latest switch, allows the considered
stochastic system to be a piecewise deterministic Markov process [17]. Thus, in Section 6, we prove the existence of a
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OTTAVIANO 3

unique invariant probability measure by utilizing an exclusion principle in Stettner [22] and the property of positive Harris
recurrence.

Finally, in Section 7, we validate our analytical results via numerical simulations and show the relevant role of the mean
sojourn time in each environmental regime in the extinction or persistence of the disease.

2 MODEL DESCRIPTION AND BASIC CONCEPTS

2.1 The semi-Markov process
Let {r(t), t ≥ 0} be a semi-Markov process taking values in the state space  = {1, … ,M}, whose elements denote the
states of external environments influencing the transmission rates value of the model. Let

0 = 𝜏0 < 𝜏1 < … < 𝜏n < …

be the jump times, and

𝜎1 = 𝜏1 − 𝜏0, 𝜎2 = 𝜏2 − 𝜏1, … , 𝜎n = 𝜏n − 𝜏n−1, …

be the time intervals between two consecutive jumps. Let
(

pi,𝑗
)

m×m denote the transition probability matrix and Fi(t), t ∈
[0,∞), i = 1, … ,M, the conditional holding time distribution of the semi-Markov process, then

P(r(𝜏n+1) = 𝑗, 𝜎n+1 ≤ t|r(𝜏n) = i) = pi,𝑗Fi(t),

and the embedded chain {Xn ∶= r(𝜏n),n = 0, 1, …} of {r(t), t ≥ 0} is Markov with one-step transition probability
(pi,𝑗)m×m. Moreover, let 𝑓i(t) represents the density function of the conditional holding time distribution Fi(t), then for any
t ∈ [0,∞) and i, 𝑗 ∈ , we define

qi,𝑗(t) ∶= pi,𝑗
𝑓i(t)

1 − Fi(t)
≥ 0 ∀i ≠ 𝑗,

qi,i(t) ∶= −
∑

𝑗∈,𝑗≠i
qi,𝑗(t) ∀i ∈ .

We give the following same assumptions as in Li et al. [17], which will be valid throughout the paper.
Assumption (H1):

(i) The transition matrix (pi,𝑗)m×m is irreducible with pi,i = 0, i ∈ ;
(ii) For each i ∈ , Fi(·) has a continuous and bounded density 𝑓i(·), and 𝑓i(t) > 0 for all t ∈ (0,∞);

(iii) For each i ∈ , there exists a constant 𝜀i > 0 such that

𝑓i(t)
1 − Fi(t)

≥ 𝜀i,

for all t ∈ [0,∞).

Li et al. [17] provide a list of some probability distributions satisfying assumption (H1) and show that the constraint
conditions of (H1) are very weak. Specifically, they provide the phase-type distribution (PH-distribution) of a nonnegative
random variable and prove that this PH-distribution, or at most an approximation of it, satisfies the conditions in (H1).
Thus, they conclude that essentially the conditional holding time distribution of the semi-Markov process can be any
distribution on [0,∞).

Remark 1. Let us note that in the case of exponential (memoryless) sojourn time distribution, the semi-Markov pro-
cess {r(t), t ≥ 0} degenerates into a continuous-time Markov chain. That is, if Fi(t) = 1− e−qit for some qi > 0, i ∈ ,
then

𝑓i(t)
1 − Fi(t)

≥ qi,
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4 OTTAVIANO

for all t ∈ [0,∞), from which

qi,𝑗 ∶= qi,𝑗(t) =

{
qipi,𝑗 if i ≠ 𝑗,

−qi if i = 𝑗,

where qi,𝑗 is the transition rates from state i to state 𝑗, and qi,𝑗 ≥ 0 if i ≠ 𝑗, while −qi = qi,i = −
∑

i≠𝑗qi,𝑗 . Thus, the
matrix Q =

(
qi,𝑗

)
m×m generates the Markov chain {r(t), t ≥ 0}, that is,

P{r(t + Δt) = 𝑗|r(t) = i} =

{
qi,𝑗Δt + o(Δt), if i ≠ 𝑗,

1 + qi,𝑗Δt + o(Δt), if i = 𝑗,

where Δt > 0 represents a small time increment.
By the assumption (H1) follows that the matrix Q is irreducible. Under this condition, the Markov chain has

a unique stationary positive probability distribution 𝜋 = (𝜋1, … , 𝜋m)T which can be determined by solving the
following linear equation 𝜋TQ = 0, subject to

∑M
r=1 𝜋r = 1, and 𝜋r > 0, ∀r ∈ .

Let us introduce the process

𝜂(t) = t − sup{u < t ∶ r(u) ≠ r(t)},

which represents the amount of time the process {r(t), t ≥ 0} is at the current state after the last jump. It is also denoted
as the backward recurrence time process. The pair {(𝜂(t), r(t)), t ≥ 0} satisfies the Markov property [23]; moreover, it is
strong Markov [24, Chapter 6].

2.2 Model description
Let us consider a SAIRS model with vaccination, as in Ottaviano et al. [5]

dS(t)
dt

= 𝜇 − (𝛽AA(t) + 𝛽II(t)) S(t) − (𝜇 + 𝜈)S(t) + 𝛾R(t),

dA(t)
dt

= (𝛽AA(t) + 𝛽II(t)) S(t) − (𝛼 + 𝛿A + 𝜇)A(t),

dI(t)
dt

= 𝛼A(t) − (𝛿I + 𝜇)I(t),

dR(t)
dt

= 𝛿AA(t) + 𝛿II(t) + 𝜈S(t) − (𝛾 + 𝜇)R(t).

(1)

Let us now incorporate the impact of the external random environments into system (1). We assume that the external
random environment is described by a semi-Markov process. We only consider the environmental influence on the dis-
ease transmission rate since it may be more sensitive to environmental fluctuations than other parameters of model (1).
Thus, the average value of the transmission rate may switch between different levels with the switching of the environ-
mental regimes. As a result, the SAIRS deterministic model (1) evolves in a random dynamical system with semi-Markov
switching of the form

dS(t)
dt

= 𝜇 − (𝛽A(r(t))A(t) + 𝛽I(r(t))I(t)) S(t) − (𝜇 + 𝜈)S(t) + 𝛾R(t),

dA(t)
dt

= (𝛽A(r(t))A(t) + 𝛽I(r(t))I(t)) S(t) − (𝛼 + 𝛿A + 𝜇)A(t),

dI(t)
dt

= 𝛼A(t) − (𝛿I + 𝜇)I(t),

dR(t)
dt

= 𝛿AA(t) + 𝛿II(t) + 𝜈S(t) − (𝛾 + 𝜇)R(t),

(2)

Let us introduce 𝛽 ∶= (𝛽A, 𝛽I). If the initial conditions of the driving process {(𝜂(t), r(t)), t ≥ 0} are 𝜂(0) = 0 and
r(0) = r0, then system (2) starts from the initial condition (S(0),A(0), I(0),R(0)) and follows (1) with 𝛽 = 𝛽(r0) until the
first jump time 𝜏1, with conditional holding distribution Fr0 (·). Then, the environmental regime switches instantaneously
from state r0 to state r1; thus, the process restarts from the state r1 and the system evolves accordingly to (1) with 𝛽 = 𝛽(r1)
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OTTAVIANO 5

and distribution Fr1(·) until the next jump time 𝜏2. The system will evolve in the similar way as long as the semi-Markov
process jumps. This yields a continuous and piecewise smooth trajectory in R4. Let us note that the solution process
{x(t) = (S(t),A(t), I(t),R(t)), t ≥ 0} that records the position of the switching trajectory of (2) is not Markov. However, by
means of additional components, {(x(t), 𝜂(t), r(t)), t ≥ 0} is a homogeneous Markov process.

In this paper, unless otherwise specified, let (Ω, , {t}t≥0,P) be a complete probability space with a filtration {t}t≥0
satisfying the usual conditions (i.e., it is right continuous and 0 contains all P-null sets).

Since S + A + I + R = 1, system (2) is equivalent to the following three-dimensional dynamical system:

dS(t)
dt

= 𝜇 − (𝛽A(r(t))A(t) + 𝛽I(r(t))I(t)) S(t) − (𝜇 + 𝜈 + 𝛾)S(t) + 𝛾(1 − A(t) − I(t)),

dA(t)
dt

= (𝛽A(r(t))A(t) + 𝛽I(r(t))I(t)) S(t) − (𝛼 + 𝛿A + 𝜇)A(t),

dI(t)
dt

= 𝛼A(t) − (𝛿I + 𝜇)I(t),

(3)

with initial condition (S(0),A(0), I(0)) belonging to the set

Γ = {(S,A, I) ∈ R
3
+|S + A + I ≤ 1},

where R3
+ is the nonnegative orthant of R3, and initial state r(0) ∈ .

System (3) can be written in matrix notation as

dx(t)
dt

= g(x(t), r(t)), (4)

where x(t) = (S(t),A(t), I(t)) and g(x(t)) = (g1(x(t)), g2(x(t)), g3(x(t))) is defined according to (3).
In the following, for any initial value x(0), we denote by x(t, 𝜔, x(0)) = (S(t, 𝜔, x(0)),A(t, 𝜔, x(0)), I(t, 𝜔, x(0))), the solution

of (4) at time t starting in x(0), or by x(t) if there is no ambiguity, for the sake of simplicity, and by xr(t) the solution of the
system in state r ∈ .

In the following theorem we ensure the no explosion of the solution in any finite time, by proving a somehow stronger
property, that is, Γ is a positive invariant domain for (3).

Theorem 1. For any initial value (x(0), 𝜂(0), r(0)) ∈ Γ × R+ ×, and for any choice of system parameters 𝛽A(·), 𝛽I(·),
there exists a unique solution x(t, 𝜔, x(0)) to system (3) on t ≥ 0. Moreover, for every 𝜔 ∈ Ω the solution remains in Γ for
all t > 0.

Proof. Let 0 = 𝜏0 < 𝜏1 < 𝜏2 < … , < 𝜏n < … be the jump times of the semi-Markov chain r(t), and let r(0) = r0 ∈ 
be the starting state. Thus, r(t) = r0 on [𝜏0, 𝜏1). The subsystem for t ∈ [𝜏0, 𝜏1) has the following form:

dx(t)
dt

= g(x(t), r0),

and, for Ottaviano et al. [5, Theorem 1], its solution x(t) ∈ Γ, for t ∈ [𝜏0, 𝜏1) and, by continuity for t = 𝜏1, as well. Thus,
x(𝜏1) ∈ Γ and by considering r(𝜏1) = r1, the subsystem for t ∈ [𝜏1, 𝜏2) becomes

dx(t)
dt

= g(x(t), r1).

Again, x(t) ∈ Γ, on t ∈ [𝜏1, 𝜏2) and, by continuity for t = 𝜏2, as well. Repeating this process continuously, we obtain
the claim. □

As the switching concerns only the infection rates 𝛽A and 𝛽I , all the subsystems of (3) share the same disease-free
equilibrium (DFE):

x0 = (S0,A0, I0) =
(

𝜇 + 𝛾

𝜇 + 𝜈 + 𝛾
, 0, 0

)
.
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6 OTTAVIANO

Now, we report results related to the stability analysis of each deterministic subsystems of (3) corresponding to the state
r, r = 1, … ,M. The proof of the following results can be found in Ottaviano et al. [5], where the global stability of the
deterministic model (1) is investigated.

Lemma 2. The basic reproduction number 0 of the subsystem of (3) corresponding to the state r is given by

0(r) =
(
𝛽A(r) +

𝛼𝛽I(r)
𝛿I + 𝜇

)
𝛾 + 𝜇

(𝛼 + 𝛿A + 𝜇)(𝜈 + 𝛾 + 𝜇)
, r = 1, … ,M. (5)

Now, let us define

(F − V)(r) =
(
𝛽A(r)S0 − (𝛼 + 𝛿A + 𝜇) 𝛽I(r)S0

𝛼 −(𝛿I + 𝜇)

)
, (6)

where F and V are the matrices in Equations (6) and (7) defined in Ottaviano et al. [5].

Lemma 3. Let us fix r ∈ . The matrix (F − V)(r) related to the system (3) in state r has a real spectrum. Moreover, if
𝜌(FV−1(r)) < 1, all the eigenvalues of (F − V)(r) are negative.

Theorem 4. Let us fix r ∈ . The DFE x0 is globally asymptotically stable for system (3) in state r if 0(r) < 1.

Lemma 5. Let us fix r ∈ . The endemic equilibrium x∗r = (S∗(r),A∗(r), I∗(r)) exists and it is unique in Γ̈ for system (3)
in state r if 0(r) > 1. Moreover, x∗r is locally asymptotically stable in Γ̈.

Theorem 6. Let us fix r ∈  and assume that 𝛽A(r) = 𝛽I(r) =∶ 𝛽(r) and 𝛿A = 𝛿I =∶ 𝛿. The endemic equilibrium
x∗r = (S∗(r),A∗(r), I∗(r)) is globally asymptotically stable in Γ̈ for system (3) in state r of if 0(r) > 1.

Theorem 7. Let us fix r ∈ , and consider 𝛽A(r) ≠ 𝛽I(r) or 𝛿A ≠ 𝛿I . Assume that 0(r) > 1 and 𝛽A(r) < 𝛿I . Then, the
endemic equilibrium x∗ is globally asymptotically stable in Γ̈ for system (3) in state r.

3 THRESHOLD DYNAMICS OF THE MODEL

By assumption (H1), the embedded Markov chain {Xn,n ∈ N}, associated to the semi-Markov process {r(t), t ≥ 0}, has
a unique stationary positive probability distribution 𝜋 = (𝜋1, … , 𝜋M). Let

mi = ∫
∞

0
[1 − Fi(u)]du

be the mean sojourn time of {r(t), t ≥ 0} in state i. Then, by the ergodic theorem [25, Theorem 2, p. 244], we have that for
any bounded measurable function 𝑓 ∶ (E, ) → (R+,(R+)),

lim
t→∞

1
t ∫

t

0
𝑓 (r(s))ds =

∑
r∈𝑓 (r)𝜋rmr∑

r∈𝜋rmr
a.s. (7)

Hereafter, we denote

𝛽 ∶= max
r∈M

{𝛽A(r), 𝛽I(r)},

and, for simplicity, we shall refer to system (3) in state r ∈  as subsystem r.
Let us define

𝛽(r) = max{𝛽A(r), 𝛽I(r)}, 𝛿 = min{𝛿A, 𝛿I}.
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OTTAVIANO 7

Theorem 8. If ∑
r∈

𝜋rmr
(
𝛽(r)S0 −

(
𝛿 + 𝜇

))
< 0, (8)

then the solution of system (3) with any initial value (x(0), 𝜂(0), r(0)) ∈ Γ ×R+ × satisfies

lim
t→+∞

S(t) = 𝛾 + 𝜇

𝜈 + 𝛾 + 𝜇
=∶ S0 a.s., (9)

lim
t→+∞

A(t) = 0 a.s., (10)

lim
t→+∞

I(t) = 0 a.s. (11)

Proof. We know that for all 𝜔 ∈ Ω, it holds

dS(𝜔, t)
dt

≤ 𝜇 + 𝛾 − (𝜇 + 𝜈 + 𝛾)S(𝜔, t).

For different selections of sample point 𝜔 ∈ Ω, the sample path S(𝜔, t) may have different convergence speeds with
respect to time t. Thus, for any 𝜔 ∈ Ω and any constant 𝜀 > 0, by the comparison theorem, there exists T(𝜔, 𝜀) > 0,
such that for all t > T

S(𝜔, t) ≤ S0 + 𝜀,

hence

lim sup
t→∞

S(t) ≤ S0, a.s. (12)

Based on this consideration, we shall prove assertions (10) and (11). We have that for all 𝜔 ∈ Ω, and t > T

d ln(I(t) + A(t))
dt

≤ 𝛽(r(t))(S0 + 𝜀) −
(
𝛿 − 𝜇

)
.

This implies that

ln(I(t) + A(t)) ≤ ln(I(T) + A(T)) + ∫
t

T

(
𝛽 (r(u)) (S0 + 𝜀) −

(
𝛿 + 𝜇

))
du,

from which, by the ergodic result for semi-Markov process (7), we get

lim sup
t→∞

ln(I(t) + A(t))
t

≤ lim sup
t→∞

1
t ∫

t

T

(
𝛽 (r(u)) (S0 + 𝜀) −

(
𝛿 + 𝜇

))
du

= 1∑
r∈

𝜋rmr

[∑
r∈

𝜋rmr
(
𝛽(r)(S0 + 𝜀) −

(
𝛿 + 𝜇

))]
a.s.

Thus, if
∑

r∈𝜋rmr (𝛽(r)S0 − (𝛿 + 𝜇)) < 0, then for sufficiently small 𝜀 > 0, we have
∑

r∈𝜋r (𝛽(r)(S0 + 𝜀) − (𝛿 + 𝜇)) <
0 and consequently

lim
t→+∞

A(t) = 0, and lim
t→+∞

I(t) = 0 a.s. (13)

Now, we shall prove assertion (9). Let Ω̄ = {𝜔 ∈ Ω ∶ limt→+∞A(t) = 0} ∩ {𝜔 ∈ Ω ∶ limt→+∞I(t) = 0}. Then,
from (13), P(Ω̄) = 1. Then, for any 𝜔 ∈ Ω̄ and any constant 𝜀 > 0, there exists T1(𝜔, 𝜀) > 0, such that for all t > T1

A(𝜔, t) < 𝜀, I(𝜔, t) < 𝜀.
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8 OTTAVIANO

Thus, we have for all 𝜔 ∈ Ω̄, and t > T1

dS(𝜔, t)
dt

≥ 𝜇 − 𝜀(𝛽A(r) + 𝛽I(r))S(𝜔, t) − (𝜇 + 𝜈 + 𝛾)S(𝜔, t) + 𝛾(1 − 2𝜀)

≥ 𝜇 − 𝜀𝛽S(𝜔, t) − (𝜇 + 𝜈 + 𝛾)S(𝜔, t) + 𝛾(1 − 2𝜀).

Following the same arguments in the proof of Theorem 4, we can assert that

lim inf
t→∞

S(𝜔, t) ≥ S0, 𝜔 ∈ Ω̄.

Recalling that P(Ω̄) = 1, we have

lim inf
t→∞

S(t) ≥ S0 a.s.

that combined with (12) gives us that

lim
t→∞

S(t) = S0 a.s.

Following the same arguments in the proof of Theorem 4, we can assert that

lim inf
t→∞

S(𝜔, t) ≥ S0, 𝜔 ∈ Ω̄.

Recalling that P(Ω̄) = 1, we have

lim inf
t→∞

S(t) ≥ S0 a.s.

that combined with (12) gives us that

lim
t→∞

S(t) = S0 a.s.

□
With a different proof, we can find another sufficient condition for the extinction of the disease.

Theorem 9. Let B(r) = (F − V)(r) as in (6). If

∑
r∈

𝜋rmr𝜆1(B(r) + B(r)T) < 0, (14)

where 𝜆1 is the maximum eigenvalue, then the solution of system (3) with any initial value (x(0), 𝜂(0), r(0)) ∈ Γ×R+ ×
satisfies

lim
t→+∞

S(t) = 𝛾 + 𝜇

𝜈 + 𝛾 + 𝜇
a.s., (15)

lim
t→+∞

A(t) = 0 a.s., (16)

lim
t→+∞

I(t) = 0 a.s. (17)

Proof. By following the same arguments as in the proof of Theorem 8, we know that (12) holds. Thus, we have that
for any 𝜔 ∈ Ω and any constant 𝜀 > 0, there exists T(𝜔, 𝜀) > 0, such that for all t > T

dA(t)
dt

≤ (𝛽A(r(t))A(t) + 𝛽I(r(t))I(t)) (S0 + 𝜀) − (𝛼 + 𝛿A + 𝜇)A(t),

dI(t)
dt

= 𝛼A(t) − (𝛿I + 𝜇)I(t).
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OTTAVIANO 9

We shall now prove assertions (16) and (17), by considering the comparison system

dw1(t)
dt

= (𝛽A(r(t))w1(t) + 𝛽I(r(t))w2(t)) (S0 + 𝜀) − (𝛼 + 𝛿A + 𝜇)w1(t),

dw2(t)
dt

= 𝛼w1(t) − (𝛿I + 𝜇)w2(t), w1(T̄) = A(T), w2(T) = I(T̄).

Let w(t) = (w1(t),w2(t))T and consider the function V(w(t)) = ln ||w(t)||2. Then, let B𝜀(r) = (F𝜀 − V𝜀)(r) the matrix
in (6), computed in x0(𝜀) = (S0 + 𝜀, 0, 0). Then, we have

dV(w(t))
dt

= 1||w(t)||22 ⟨w(t), .w(t)⟩ = w(t)T||w(t)||2 B𝜀(r)
w(t)||w(t)||2

= w(t)T||w(t)||2
(
(B𝜀)(r) + (B𝜀)T(r)

)
2

w(t)||w(t)||2
≤ 𝜆1

(
(B𝜀)(r) + (B𝜀)T(r)

)
2

.

By the same arguments in Theorem 8, invoking (7), assertions (16) and (17) follows, and consequently (15). □

Remark 2. In the case of Markov switching, the condition (14) becomes∑
r∈

𝜋r𝜆1
(

B(r) + B(r)T) < 0.

Remark 3. Let us fix r ∈ . Let us consider condition (8) and 0(r) in (2). It is easy to see that it holds

𝛽(r)S0 −
(
𝛿 + 𝜇

)
< 0 ⇒ 0(r) < 1

Now, let us consider condition (14). We have that

𝜆1(B(r) + B(r)T) = 𝛽A(r)S0 − (𝛼 + 𝛿A + 𝜇) − (𝛿I + 𝜇) +
√
(𝛽A(r)S0 − (𝛼 + 𝛿A) + 𝛿I)2 + (𝛽I(r)S0 + 𝛼)2.

From this and from (5), it is easy to see that

𝜆1
(

B(r) + B(r)T) < 0 ⇒ 0(r) < 1,

and that if 𝛽I(r)S0 = 𝛼, it holds

𝜆1
(

B(r) + B(r)T) < 0 ⇐⇒ 0(r) < 1.

In Section 7, we will compare numerically the two conditions (8) and (14), by showing a case in which condition (8)
is satisfied but (14) does not, and the other case in which the vice versa occurs. Thus, it is sufficient that one of the two
conditions is verified to ensure the almost sure extinction.

4 PERSISTENCE

In this section, we investigate the persistence in time mean of the disease.

Definition 10. We say that system (3) is almost surely persistent in the time mean, if

lim inf
t→∞

1
t ∫

t

0
S(u)du > 0, lim inf

t→∞

1
t ∫

t

0
A(u)du > 0, lim inf

t→∞

1
t ∫

t

0
I(u)du > 0,

with probability one.
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10 OTTAVIANO

Let us remark that I + A denote the fraction of individuals that may infect the susceptible population.
For the next result, we need to define

𝛽(r) = min{𝛽A(r), 𝛽I(r)}, 𝛽 = max
r∈ 𝛽(r), and 𝛿 = max{𝛿A, 𝛿I}.

Theorem 11. If ∑
r∈

𝜋rmr
(
𝛽(r)S0 − (𝛿 + 𝜇)

)
> 0, (18)

then for any initial value (x(0), 𝜂(0), r(0)) ∈ Γ̈ ×R+ ×, the following statement is valid with probability 1:

lim inf
t→∞

1
t ∫

t

0
S(u)du ≥ 𝜇

𝜇 + 𝜈 + 𝛽
, (19)

lim inf
t→∞

1
t ∫

t

0
(I(u) + A(u))du ≥ 𝜇 + 𝜈 + 𝛾

𝛽 (𝛽 + 𝛾)

∑
r∈𝜋rmr

(
𝛽(r)S0 − (𝛿 + 𝜇)

)∑
r∈𝜋rmr

. (20)

Proof. For ease of notation, we will omit the dependence on 𝜔 and that on t if not necessary. Since A + I ≤ 1, from
the first equation of system (2), we have

dS(t)
dt

≥ 𝜇 − (𝜇 + 𝜈)S − (𝛽A(r)A + 𝛽I(r)I)S ≥ 𝜇 − [(𝜇 + 𝜈) + 𝛽(r)] S,

integrating the above inequality and dividing both sides by t, we obtain

1
t
(𝜇 + 𝜈)∫

t

0
S(u)du + 1

t ∫
t

0
𝛽(r(u))S(u)du ≥ 𝜇 − S(t) − S(0)

t
. (21)

Then, for all 𝜔 ∈ Ω it holds

lim
t→+∞

S(t) − S(0)
t

= 0, a.s. (22)

From (21), it follows

lim inf
t→+∞ ∫

t

0
S(u)ds ≥ 𝜇

𝜇 + 𝜈 + 𝛽
, a.s.,

and assertion (19) is proved
Let us prove assertion (20). By summing the second and third equations of (3), we have that

d ln(I(t) + A(t))
dt

= 1
I + A

[(𝛽A(r)A + 𝛽I(r)I)S − (𝛿A − 𝜇)A − (𝛿I − 𝜇)I]

≥ 𝛽(r)S − (𝛿 + 𝜇) ,

from which, integrating both sides

ln(I(t) + A(t)) ≥ ln(I(0) + A(0)) + ∫
t

0
𝛽(r(u))S(u)du − ∫

t

0
(𝛿 + 𝜇)du

= ln(I(0) + A(0)) + ∫
t

0
𝛽(r(u)) 𝛾 + 𝜇

𝜈 + 𝛾 + 𝜇
du − ∫

t

0
𝛽(r(u))

(
𝛾 + 𝜇

𝜈 + 𝛾 + 𝜇
− S(u)

)
du − ∫

t

0
(𝛿 + 𝜇) du

≥ ln(I(0) + A(0)) + ∫
t

0
𝛽(r(u)) 𝛾 + 𝜇

𝜈 + 𝛾 + 𝜇
du − 𝛽 ∫

t

0

(
𝛾 + 𝜇

𝜈 + 𝛾 + 𝜇
− S(u)

)
du − ∫

t

0
(𝛿 + 𝜇) du.

(23)
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OTTAVIANO 11

Now, we have that
dS(t)

dt
= 𝜇 − (𝜇 + 𝜈)S − (𝛽A(r)A + 𝛽I(r)I))S + 𝛾 − 𝛾S − 𝛾(I + A)

≥ (𝜈 + 𝛾 + 𝜇)
(

𝛾 + 𝜇

𝜈 + 𝛾 + 𝜇
− S

)
− (𝛽(r) + 𝛾) (I + A)

≥ (𝜈 + 𝛾 + 𝜇)
(

𝛾 + 𝜇

𝜈 + 𝛾 + 𝜇
− S

)
− (𝛽 + 𝛾) (I + A),

(24)

from which, integrating both sides,

(𝜈 + 𝛾 + 𝜇)∫
t

0

(
𝛾 + 𝜇

𝜈 + 𝛾 + 𝜇
− S(u)

)
du ≤ S(t) − S(0) + (𝛽 + 𝛾)∫

t

0
(I(u) + A(u))du. (25)

By combining (23) and (25), we have

ln(I(t) + A(t)) ≥ ln(I(0) + A(0)) + ∫
t

0

(
𝛽(r(u)) 𝛾 + 𝜇

𝜈 + 𝛾 + 𝜇
− (𝛿 + 𝜇)

)
du

− 𝛽

𝜈 + 𝛾 + 𝜇

[
S(t) − S(0) + (𝛽 + 𝛾)∫

t

0
(I(u) + A(u))du

]
.

(26)

For all 𝜔 ∈ Ω, (22) holds, moreover, it is easy to see that

lim sup
t→+∞

ln(I(t) + A(t))
t

≤ 0,

thus from (26), and the ergodic result (7), we get

lim inf
t→+∞

1
t ∫

t

0
(I(u) + A(u))du ≥ 𝜈 + 𝛾 + 𝜇

𝛽 (𝛽 + 𝛾)

∑
r∈

𝜋rmr
(
𝛽(r)S0 − (𝛿 + 𝜇)

)
∑

r∈𝜋rmr
, a.s.,

that is assertion (20). □

Corollary 12. If ∑
r∈

𝜋rmr
(
𝛽(r)S0 − (𝛿 + 𝜇)

)
> 0,

then for any initial value (x(0), 𝜂(0), r(0)) ∈ Γ̈ ×R+ ×, the following statements hold with probability 1:

lim inf
t→∞

1
t ∫

t

0
I(u)du ≥ 𝛼

𝛼 + 𝛿I + 𝜇

𝜇 + 𝜈 + 𝛾

𝛽 (𝛽 + 𝛾)

∑
r∈𝜋rmr

(
𝛽(r)S0 − (𝛿 + 𝜇)

)∑
r∈𝜋rmr

, (27)

and

lim inf
t→∞

1
t ∫

t

0
A(u)du ≥ 𝛿I + 𝜇

𝛼 + 𝛿I + 𝜇

𝜇 + 𝜈 + 𝛾

𝛽 (𝛽 + 𝛾)

∑
r∈𝜋rmr

(
𝛽(r)S0 − (𝛿 + 𝜇)

)∑
r∈𝜋rmr

. (28)

Proof. Integrating the third equation of system (3) and dividing both sides by t, we have

(𝛼 + 𝛿I + 𝜇)1
t ∫

t

0
I(u)du ≥ 𝛼

t ∫
t

0
(I(u) + A(u)) − I(t) − I(0)

t
.

Thus, from (20), it holds (27). Now, as before, by integrating the third equation of system (3) and dividing both sides
by t, it is easy to see the (28) holds. □

Thus, under condition (18), the disease is persistent in the time mean with probability 1.
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12 OTTAVIANO

Remark 4. Let us fix r ∈ . Let us consider condition (18) and 0(r) in (5). It is easy to see that it holds

(
𝛽(r)S0 − (𝛿 + 𝜇)

)
> 0 ⇒ 0(r) > 1.

Remark 5. From Theorem 11, we obtain the following weak persistence: If
∑

r∈𝜋rmr
(
𝛽(r)S0 − (𝛿 + 𝜇)

)
> 0, then

for any initial value (x(0), 𝜂(0), r(0)) ∈ Γ̈ ×R+ ×, it holds

lim sup
t→∞

(I(t) + A(t)) ≥ 𝜇 + 𝜈 + 𝛾

𝛽 (𝛽 + 𝛾)

∑
r∈𝜋rmr

(
𝛽(r)S0 − (𝛿 + 𝜇)

)∑
r∈𝜋rmr

, a.s.

Let us note that in the case 𝛽A(r) = 𝛽I(r) ∶= 𝛽(r), 𝛿A = 𝛿I ∶= 𝛿, the quantities
∑

r∈𝜋rmr
(
𝛽(r)S0 −

(
𝛿 + 𝜇

))
and∑

r∈𝜋rmr
(
𝛽(r)S0 − (𝛿 + 𝜇)

)
, in conditions (8) and (18), respectively, coincide. Thus, we have a threshold value

0 =
∑

r∈𝜋rmr𝛽(r)S0∑
r∈𝜋rmr(𝛿 + 𝜇)

, (29)

for which the following proposition holds:

Proposition 13. From (29), the following alternative conditions are valid:

• 0 < 1 if and only if
∑

r∈𝜋rmr(𝛽(r)S0 − (𝛿 + 𝜇)) < 0,
• 0 > 1 if and only if

∑
r∈𝜋rmr(𝛽(r)S0 − (𝛿 + 𝜇)) > 0.

The proof is immediate.
It easy to see that in the case of Markov switching, that is, for the exponential holding time distribution in each regime,

with 𝛽A(r) = 𝛽I(r) ∶= 𝛽, 𝛿A = 𝛿I ∶= 𝛿, we have

0 =
∑

r∈𝜋r𝛽(r)S0∑
r∈𝜋r(𝛿 + 𝜇)

=
∑

r∈𝜋r𝛽(r)S0

(𝛿 + 𝜇)
.

From Proposition 13, we can see that the position of the value 0 with respect to one determines the a.s. extinction or the
persistence of the disease, that is, 0 is the basic reproduction number in our semi-Markov random environment, based
on the definition in Li et al. [17] and Bacaër and Khaladi [26]. Definitively, we have:

Corollary 14. Let us assume 𝛽A(r) = 𝛽I(r) ∶= 𝛽(r), 𝛿A = 𝛿I ∶= 𝛿, and consider 0 in (29). Then, the solution of
system (3) has the property that

(i) If 0 < 1, for any initial value (x(0), 𝜂(0), r(0)) ∈ Γ × R+ × , the fraction of asymptomatic and infected
individuals A(t) and I(t), respectively, tends to zero exponentially almost surely, that is, the disease dies out with
probability one;

(ii) If 0 > 1, for any initial value (x(0), 𝜂(0), r(0)) ∈ Γ̈ × R+ × , the disease will be almost surely persistent in
time mean.

In the case 𝛽A(r) ≠ 𝛽I(r) or 𝛿A ≠ 𝛿I , the regions where the system goes to extinction a.s. and the other one where it is
stochastic persistent are not adjacent, that is, there is a gap between these regions and we do not have a threshold value
separating them.

In the following Section 5, we investigate the omega-limit set of the system. The introduction of the backward recur-
rence time process allows the considered stochastic system to be a piecewise deterministic Markov process [17]. Thus, in
Section 6, we prove the existence of a unique invariant probability measure for this process. Let us note that in the two
subsequent sections, to obtain our results, we follow mainly the approaches in Li et al. [17] and, like them, for simplicity,
we restrict the analysis to a semi-Markov process with state space  = {1, 2}. Hence, the external environmental con-
ditions can switch randomly between two states, for example, favorable and adverse weather conditions for the disease
spread, or lockdown and less stringent distance measures, considering that the disease transmission rate is also a function
of the contact rate.
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OTTAVIANO 13

5 OMEGA-LIMIT SET

Let us assume in this section and in the subsequent one that = {1, 2}. Let us define the omega-limit set of the trajectory
starting from an initial value x(0) ∈ Γ as

Ω̃(x(0), 𝜔)=
⋂
T>0

⋃
t>T

x(t, 𝜔, x(0)). (30)

We use the notation Ω̃ for the limit set (30) in place of the usual one 𝜔 in the deterministic dynamical systems for
avoiding conflict with the element 𝜔 in the probability sample space. In this section, it will be shown that under some
appropriate condition Ω̃(x(0), 𝜔) is deterministic, that is, it is constant almost surely and it is independent of the initial
value x(0). Let us consider the following assumption:

Assumption (H2):
For some r ∈ , there exists a unique and globally asymptotically stable endemic equilibrium x∗r = (S∗

r ,A∗
r , I∗r ) for the

corresponding system of (3) in the state r.
Let us note that when 𝛽A(r) = 𝛽I(r) ∶= 𝛽(r) and 𝛿A = 𝛿I ∶= 𝛿, in the case of persistence in time mean, by (ii) of

Proposition 13, the condition 0 > 1 implies that there exists at least one state r such that 𝜋rmr(𝛽(r)S0 −(𝛿+𝜇)) > 0, that
is, 0(r) > 1. By Theorem 6, x∗r is globally asymptotically stable in Γ̈. Thus, if 0 > 1, condition (H2) is satisfied.

When 𝛽A(r) ≠ 𝛽I(r) or 𝛿A ≠ 𝛿I , by Theorem 11, if Equation (18) holds, then there exists at least one state r such that(
𝛽(r)S0 − (𝛿 + 𝜇)

)
> 0; from Remark 4, this implies that 0(r) > 1. By Theorem (7), we have the global asymptotic

stability of x∗r if 0(r) > 1 under the additional condition 𝛽A(r) < 𝛿I . However, it is easy to see that if this last condition
is verified,

(
𝛽(r)S0 − (𝛿 + 𝜇)

)
> 0 cannot be valid. Thus, if we need (H2), we can suppose it holds for a state for which

(𝛽(r)S0 − (𝛿 + 𝜇)) > 0 is not verified. Indeed, we remember that this last condition is only sufficient to have 0(r) > 1 but
not necessary.

Now, let us recall some concepts on the Lie algebra of vector fields [27, 28] that we need for the next results. Let w(𝑦)
and z(𝑦) be two vector fields on R3. The Lie bracket [w, z] is also a vector field given by

[w, z]𝑗(𝑦) =
3∑

k=1

(
wk

𝜕z𝑗
𝜕𝑦k

(𝑦) − zk
𝜕wk

𝜕𝑦k
(𝑦)

)
, 𝑗 = 1, 2, 3.

Assumption (H3):
A point x = (S,A, I) ∈ R

3
+ is said to satisfy the Lie bracket condition, if vectors u1(x), u2(x),

[ui,u𝑗](x)i,𝑗∈, [ui, [u𝑗 ,uk]](x)i,𝑗,k∈, … , span the space R3, where for each r ∈ ,

ur(x) =

(
𝜇 − (𝛽A(r)A + 𝛽I(r)I) S − (𝜇 + 𝜈 + 𝛾)S + 𝛾(1 − A − I)

(𝛽A(r)A + 𝛽I(r)I(t)) S − (𝛼 + 𝛿A + 𝜇)A
𝛼A − (𝛿I + 𝜇)I

)
. (31)

Theorem 15. Suppose that system (3) is persistent in time mean and the hypothesis (H2) holds. Let us denote by 𝜉r
t (x(0))

the solution of system (3) in the state r with initial value x(0) ∈ Γ̈, and let

𝛹 =
{
(S,A, I) = 𝜉

ek
tk
◦ … ◦𝜉e1

t1

(
x∗1
)
∶ t1, … , tk ≥ 0 and e1, … , ek ∈ , k ∈ N

}
.

Then, the following statements are valid:

(a) The closure �̄� is a subset of the omega-limit set Ω̃(x(0), 𝜔) with probability one.
(b) If there exists a point x∗ ∶= (S∗,A∗, I∗) ∈ 𝛹 satisfying the condition (H3), then 𝛹 absorbs all positive solutions,

that is, for any initial value x(0) ∈ Γ̈, the value

T̂(𝜔) = inf {t > 0 ∶ x(s, 𝜔, x(0)) ∈ 𝛹,∀s > t}

is finite outside aP-null set. Consequently, �̄� is the omega-limit set Ω̃(x(0), 𝜔) for any x(0) ∈ Γ̈with probability one.

The proof of the Theorem 15 follows by similar arguments to that of [17, Theorem 9], thus we omit it.
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14 OTTAVIANO

6 INVARIANT PROBABILITY MEASURE

In this section, we will prove the existence of an invariant probability measure for the homogeneous Markov process
{(x(t), 𝜂(t), r(t)), t ≥ 0} on the state space

 = Γ̈ ×R+ ×.

Following Li et al. [17], we introduce a metric ℏ(·, ·) on the state space :

ℏ ((x1, s1, i), (x2, s2, 𝑗)) =
√|x1 − x2|2 + |s1 − s2|2 + o(i, 𝑗), (32)

where

o(i, 𝑗) =

{
0, if i = 𝑗,

1, if i ≠ 𝑗.

Hence, (X , ℏ(·, ·),()) is a complete separable metric space, where () is the Borel 𝜎-algebra on .
To ensure the existence of an invariant probability measure on , we use the following exclusion principle.

Lemma 16 (see Stettner [22]). Let 𝛷 = {𝛷t, t ≥ 0} be a Feller process with state space (X ,(X)). Then, either

(a) there exists an invariant probability measure on X, or
(b) for any compact set C ⊂ X,

lim
t→∞

sup
𝜅

1
t ∫

t

0

(
∫X

P(u, x,C)𝜅(dx)
)

du = 0,

where the supremum is taken over all initial distributions 𝜅 on the state space X , x ∈ X is the initial condition for
the process 𝛷t, and P(t, x,C) = Px(𝛷t ∈ C) is the transition probability function.

To prove the Feller property of the process {(x(t), 𝜂(t), r(t)), t ≥ 0}, we need the following lemma.

Lemma 17. Let ℏ(·, ·) be the metric defined in (32). Then, for any T > 0 and 𝜀 > 0, we have

P

{
max
0≤t≤T

ℏ ((x(t, x1), 𝜂(t), r(t)), (x(t, x2), 𝜂(t), r(t))) ≥ 𝜀

}
→ 0, (33)

as |x1 − x2| → 0, where (x1, 𝜂(0), r(0)), (x2, 𝜂(0), r(0)) ∈  denote any two given initial values of the process
{(x(t), 𝜂(t), r(t)), t ≥ 0}.

Proof. By considering (31), it is easy to see that

d (x(t, x1) − x(t, x2)) =
(

ur(t)(x(t, x1) − ur(t)(x (t, x2))
)

dt. (34)

Applying the Itô formula to the function |x(t, x1) − x(t, x2)|2, we have

E|x(t, x1) − x(t, x2)|2 = |x1 − x2|2 + 2E
[
∫

t

0
⟨x(s, x1) − x(s, x2),ur(s)(x(s, x1)) − ur(s)(x(s, x2)⟩ ds

]
. (35)

For ease of notation, let us define

G(s, xk) = (𝛽A(r(s))A(s, xk) + 𝛽I(r(s))I(s, xk)), k = 1, 2.
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OTTAVIANO 15

Now, we have that

⟨x(s, x1) − x(s, x2),ur(s)(x(s, x1)) − ur(s)(x(s, x2)⟩
= (S(s, x1) − S(s, x2))(G(s, x1)S(s, x1) − G(s, x2)S(s, x2)) − (𝜇 + 𝜈 + 𝛾)(S(s, x1) − S(s, x2))2

− 𝛾(S(s, x1) − S(s, x2))(A(s, x1) − A(s, x2)) − 𝛾(S(s, x1) − S(s, x2))(I(s, x1) − I(s, x2))

+ (A(s, x1) − A(s, x2))(G(s, x1)S(s, x1) − G(s, x2)S(s, x2)) − (𝛼 + 𝛿A + 𝜇)(A(s, x1) − A(s, x2))2

+ 𝛼(A(s, x1) − A(s, x2))(I(s, x1) − I(s, x2)) − (𝛿I + 𝜇)(I(s, x1) − I(s, x2))2.

Since

𝛾(S(s, x1) − S(s, x2))(A(s, x1) − A(s, x2)) ≤ 𝛾

2
(S(s, x1) − S(s, x2))2 + 𝛾

2
(A(s, x1) − A(s, x2))2,

𝛾(S(s, x1) − S(s, x2))(I(s, x1) − I(s, x2)) ≤ 𝛾

2
(S(s, x1) − S(s, x2))2 + 𝛾

2
(I(s, x1) − I(s, x2))2,

and

𝛼(A(s, x1) − A(s, x2))(I(s, x1) − I(s, x2)) ≤ 𝛼

2
(A(s, x1) − A(s, x2))2 + 𝛼

2
(I(s, x1) − I(s, x2))2,

we can write

⟨x(s, x1) − x(s, x2),ur(s)(x(s, x1)) − ur(s)(x(s, x2)⟩
≤ (𝜇 + 𝜈 + 2𝛾)(S(s, x1) − S(s, x2))2 +

(
𝛾

2
+ 3𝛼

2
+ 𝛿A + 𝜇

)
(A(s, x1) − A(s, x2))2

+
(
𝛿I + 𝜇 + 𝛾

2
+ 𝛼

2

)
(I(s, x1) − I(s, x2))2

+ |(S(s, x1) − S(s, x2))(G(s, x1)S(s, x1) − G(s, x2)S(s, x2))|
+ |(A(s, x1) − A(s, x2))(G(s, x1)S(s, x1) − G(s, x2)S(s, x2))|.

(36)

Now,

|(S(s, x1) − S(s, x2))(G(s, x1)S(s, x1) − G(s, x2)S(s, x2))|
≤ 𝛽(S(s, x1) − S(s, x2)) [(S(s, x1) − S(s, x2))(A(s, x1) + I(s, x1))

+ S(s, x2)(A(s, x1) + I(s, x1) − (A(s, x2) + I(s, x2)))]

≤ 𝛽(S(s, x1) − S(s, x2))2 + 𝛽(S(s, x1) − S(s, x2))(A(s, x1) + I(s, x1) − (A(s, x2) + I(s, x2)))

≤ 𝛽(S(s, x1) − S(s, x2))2 + 𝛽

2
[
(S(s, x1) − S(s, x2))2 + (A(s, x1) − A(s, x2))2]

+ 𝛽

2
[
(S(s, x1) − S(s, x2))2 + (I(s, x1) − I(s, x2))2] ,

(37)

and, similarly

|(A(s, x1) − A(s, x2))(G(s, x1)S(s, x1) − G(s, x2)S(s, x2))|
≤ 𝛽(A(s, x1) − A(s, x2)) [(S(s, x1) − S(s, x2))(A(s, x1) + I(s, x1))

+ S(s, x2)(A(s, x1) + I(s, x1) − (A(s, x2) + I(s, x2)))]

≤ 𝛽

2
((A(s, x1) − A(s, x2))2 + (S(s, x1) − S(s, x2))2)

+ 𝛽((A(s, x1) − A(s, x2))S(s, x2)(A(s, x1) + I(s, x1) − (A(s, x2) + I(s, x2)))

≤ 𝛽

2
((A(s, x1) − A(s, x2))2 + (S(s, x1) − S(s, x2))2) + 𝛽

(
(A(s, x1) − A(s, x2))2)

+ 𝛽

2
((A(s, x1) − A(s, x2))2 + (I(s, x1) − I(s, x2))2).

(38)
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16 OTTAVIANO

Now, substituting (37) and (38) into (36) yields

⟨x(s, x1) − x(s, x2),ur(s)(x(s, x1)) − ur(s)(x(s, x2)⟩
≤ K|x(s, x1) − x(s, x2)|2, (39)

where K = max{K1,K2,K3}, with

K1 = 5𝛽
2

+ (𝜇 + 𝜈 + 2𝛾),

K2 = 5𝛽
2

+
(
𝛾

2
+ 3𝛼

2
+ 𝛿A + 𝜇

)
,

and

K3 = 𝛽 + 𝛿I + 𝜇 + 𝛾

2
+ 𝛼

2
.

From (35) and (39), following similar steps as in Li et al. [17, Lemma 14], we have that

∫
T

0
E|x(s, x1) − x(s, x2)|2ds ≤ |x(s, x1) − x(s, x2)|2 ∫ T

0
exp(2Ks)ds → 0, (40)

as |x(s, x1) − x(s, x2)| → 0. Moreover, from (34), it follows that

max
0≤t≤T

|x(s, x1) − x(s, x2)| ≤ |x(s, x1) − x(s, x2)| + ∫
T

0

||ur(s)(x(s, x1)) − ur(s)(x(s, x2)|| ds. (41)

For any 𝜀 > 0, from Markov inequality and similar steps as in Li et al. [17, Lemma 14], we obtain

P

{
∫

T

0

||ur(s)(x(s, x1)) − ur(s)(x(s, x2)|| ds ≥ 𝜀

}
≤ T

𝜀2 E

[
∫

T

0
|ur(s)(x(s, x1)) − ur(s)(x(s, x2)|2ds

]
.

(42)

By similar arguments to (36), (37), and (38), one can find a positive number K̄ such that

||ur(s)(x(s, x1)) − ur(s)(x(s, x2)||2 ≤ K̄|x(s, x1) − x(s, x2)|2.
Substituting this inequality into (42), by Fubini's theorem, we have

P

{
∫

T

0

||ur(s)(x(s, x1)) − ur(s)(x(s, x2)|| ds ≥ 𝜀

}
≤ K̄T

𝜀2 ∫
T

0
E|x(s, x1) − x(s, x2)|2ds.

By (40), then we get

P

{
∫

T

0

||ur(s)(x(s, x1)) − ur(s)(x(s, x2)|| ds ≥ 𝜀

}
→ 0, (43)

as |x(s, x1) − x(s, x2)| → 0. Definitively, by combining (41) with (43), we obtain the claim (33). □

Lemma 18. The Markov process {(x(t), 𝜂(t), r(t), t ≥ 0} is Feller.

The proof requires the claim of Lemma 17, and it is analogous to that of [17, Lemma 15]; thus, we omit it.
At this point, we can prove the existence of an invariant probability measure by using Lemma (16).

Theorem 19. Suppose that system (3) is persistent in time mean, then the Markov process {(x(t), 𝜂(t), r(t), t ≥ 0} has an
invariant probability measure 𝜅∗ on the state space .
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OTTAVIANO 17

Proof. Let us consider the process {(x(t), 𝜂(t), r(t)), t ≥ 0} on a larger state space

̃ = Γ̃ ×R+ ×,

where Γ̃ = Γ ∖ {(S,A, I) ∶ A + I = 0}. By Lemmas 16 and 18, we can prove the existence of an invariant probability
measure 𝜅∗ for the Markov process h(t) = {(x(t), 𝜂(t), r(t)), t ≥ 0} on ̃, provided that a compact subset C ⊂ ̃ exists
such that

lim inf
t→∞

1
t ∫

t

0

(
∫̃

P(u, h,C)𝜅(dh)
)

du = lim inf
t→∞

1
t ∫

t

0
P(u, h0,C)du > 0, (44)

for some initial distribution 𝜅 = 𝛿h0 with h0 ∈ ̃, where 𝛿 is the Dirac function. Once the existence of 𝜅∗ is proved, we
can easily see that 𝜅∗ is also an invariant probability measure of {(x(t), 𝜂(t), r(t)), t ≥ 0} on . Indeed, it is easy to prove
that for any initial value (x(0), 𝜂(0), r(0)) ∈ Γ̈ × R+ ×, the solution x(t) of system (3) does not reach the boundary
𝜕Γ̃ when the system is persistent in time mean. Consequently, k∗(𝜕Γ̃ × R+ × ) = 0, which implies therefore that
k∗ is also an invariant probability measure on . Thus, to complete the proof, we just have to find a compact subset
C ⊂ ̃ satisfying (44). Hereafter, in the proof, we assume without loss of generality that 𝜂(0) = 0. Since system (3) is
persistent in time mean, there exists a constant 𝜄 > 0 such that

lim inf
t→∞

1
t ∫

t

0
(I(u) + A(u))du ≥ 𝜄 a.s.

Following similar steps as in Li et al. [17, Theorem 16], we obtain

lim inf
t→∞ ∫

t

0
P

{
I(u) + A(u) ≥ 𝜄

2

}
du ≥ 𝜄

2
. (45)

Now, we have to verify that P{𝜂(u) > K} < 𝜀 holds for any u ∈ R+, where 𝜀 is a positive constant such that 𝜀 <
𝜄

4
and K > 0 is a sufficiently large constant such that maxi∈ {1 − Fi(K)} < 𝜀∕2. To do this, we follow similar steps as
in Li et al. [17, Theorem 16]. This implies that

lim inf
t→∞ ∫

t

0
P

{
I(u) + A(u) ≥ 𝜄

2

}
du ≤ 𝜀 + 1

t ∫
t

0
P

{
I(u) + A(u) ≥ 𝜄

2
, 𝜂(u) ≤ K

}
du.

Combining this with (45), we have

lim inf
t→∞

1
t ∫

t

0
P

{
I(u) + A(u) ≥ 𝜄

2
, 𝜂(u) ≤ K

}
du ≥ 𝜄

4
.

Let us consider the compact set C =  × [0,K] × ∈ ̃, where the set  is{
(S,A, I) ∈ Γ ∶ 0 ≤ S + A + I ≤ 1, I + A ≥ 𝜄

2

}
.

Then, it follows that

lim inf
t→∞

1
t ∫

t

0
P(u, h0,C)du = lim inf

t→∞

1
t ∫

t

0
P {x(u, 𝜔, x(0)) ∈ , 𝜂(u) ≤ K} du

= lim inf
t→∞

1
t ∫

t

0
P

{
(I(u) + A(u)) ≥ 𝜄

2
, 𝜂(u) ≤ K

}
≥ 𝜄

4
.

Since 𝜄 > 0, we arrive to our claim. □
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18 OTTAVIANO

Now, we show that the invariant probability measure 𝜅∗ is unique by using the property of Harris recurrence and
positive Harris recurrence (for standard definitions, see, e.g., [17, 29]).

Proposition 20. Suppose that system (3) is persistent in time mean and that assumptions (H2)–(H3) hold, then the
Markov process {(x(t), 𝜂(t), r(t)), t ≥ 0} is positive Harris recurrent. Thus, the invariant probability measure 𝜅∗ of
{(x(t), 𝜂(t), r(t)), t ≥ 0} on the state space  is unique.

Proof. The Harris recurrence of the process {(x(t), 𝜂(t), r(t)), t ≥ 0} follows by similar steps as in Li et al. [17, Lemma
20]. Thus, from Theorem 19, we can conclude that the process is positive Harris recurrent. Therefore, the invariant
probability measure 𝜅∗ of {(x(t), 𝜂(t), r(t)), t ≥ 0} on  is unique [29, 30]. □

7 NUMERICAL EXPERIMENTS

In this section, we provide some numerical investigations to verify the theoretical results. We assume that the conditional
holding time distribution Fi(·) of the semi-Markov process in state i is a gamma distribution Γ(ki, 𝜃i), i = 1, … ,M, whose
probability density function is

𝑓i(t; ki, 𝜃i) =
𝜃

ki
i tki−1e−𝜃it

Γ(ki)
, for t > 0,

and the cumulative distribution function is given by

F(t; ki, 𝜃i) = ∫
t

0
𝑓 (u; ki, 𝜃i)du,

where ki > 0, 𝜃i > 0, and Γ(·) is the complete gamma function. Let us note that if ki = 1, the gamma distribution becomes
the exponential distribution with parameter 𝜃i.

We discuss the almost sure extinction and persistence in time mean of the system in the following cases.

Case 1 (𝛽A(r) ≠ 𝛽I(r), 𝛿A(r) ≠ 𝛿I(r)). We consider two states: r1, in which the epidemic dies out, and r2 in which
it persists. In Figure 1A, we consider F1, F2 with parameters k1 = 6, 𝜃1 = 0.8 and k2 = 12, 𝜃2 = 0.8, respectively.
Consequently, the respective mean sojourn times are m1 = 7.5 and m2 = 15. The other parameters are 𝛽A(1) =
0.004, 𝛽I(1) = 0.008, 𝛽A(2) = 0.97, 𝛽I(2) = 0.99, 𝛿A = 0.105, 𝛿I = 0.1, 𝜇 = 1∕(60 ∗ 365), 𝛼 = 0.3, 𝛾 = 0.03, and
𝜈 = 0.01. We have that ∑

r∈
𝜋rmr(𝛽(r)S0 − (𝛿 + 𝜇)) = 4.283 > 0,

FIGURE 1 Dynamical behavior of system (2) and the semi-Markov process r(t). The parameter values are
𝛽A(1) = 0.004, 𝛽I(1) = 0.008, 𝛽A(2) = 0.97, 𝛽I(2) = 0.99, 𝛿A = 0.105, 𝛿I = 0.1, 𝜇 = 1∕(60 ∗ 365), 𝛼 = 0.3, 𝛾 = 0.03, and 𝜈 = 0.01. The
parameters of F1 and F2 are, respectively, (A) k1 = 6, 𝜃1 = 0.8 and k2 = 12, 𝜃2 = 0.8 and (B) k1 = 15, 𝜃1 = 0.8 and k2 = 2, 𝜃2 = 0.8. [Colour
figure can be viewed at wileyonlinelibrary.com]
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thus the whole system is stochastically persistent in time mean. In Figure 1B, we consider F1, F2 with parameters
k1 = 15, 𝜃1 = 0.8, and k2 = 2, 𝜃2 = 0.8, respectively; we have m1 = 18.75, m2 = 2.5. The other parameters are the
same as in Figure 1A. In this case,

∑
r∈

𝜋rmr
(
𝛽(r)S0 −

(
𝛿 + 𝜇

))
= −0.0782 < 0,

and the epidemic will go extinct almost surely, in the long run. Thus, we can see the relevant role played by the mean
sojourn times, indeed in the two figures, the parameters are the same, what changes is that in Figure 1A, the mean
sojourn time in the persistent state is higher than that in the state of extinction, while in Figure 1B, the vice versa
occurs.

Case 2 (𝛽A(r) ≠ 𝛽I(r), 𝛿A(r) ≠ 𝛿I(r)). Here, we want to compare the two sufficient conditions for the almost sure
extinction (8) and (14). In Figure 2, we consider again two states r1, in which the epidemic dies out, and r2 in which it
persists. The parameters are 𝛽A(1) = 0.55, 𝛽I(1) = 0.5, 𝛽A(2) = 0.68, 𝛽I(2) = 0.58, 𝛿A = 0.3, 𝛿I = 0.4, 𝜇 = 1∕(60 ∗ 365),
𝜈 = 0.01, 𝛼 = 0.5, 𝛾 = 0.01. Let us consider F1 and F2 with k1 = 0.9, 𝜃1 = 0.8 and k2 = 2.5, 𝜃2 = 0.8, respectively.
Hence, m1 = 1.125 and m2 = 3.125. We have

∑
r∈

𝜋rmr
(
𝛽(r)S0 −

(
𝛿 + 𝜇

))
= 0.05 > 0 and

∑
r∈

𝜋rmr𝜆1
(

B(r) + B(r)T) = −0.1959 < 0.

Thus, in this case, condition (8) is not satisfied but (14) does. Vice versa, in Figure 1B, we have the opposite case, that
is, condition (8) is less than zero, while (14) is equal to 1.0084, hence greater than zero. By Theorems 8 and 9, we have
the almost sure extinction in both cases, as we can also see from Figures 1B and 2.

Case 3 (𝛽A(r) = 𝛽I(r) ∶= 𝛽(r), 𝛿A(r) = 𝛿I(r) ∶= 𝛿(r)). We consider two states: r1, in which the epidemic dies out, and
r2 in which it persists. The parameters are 𝛽A(1) = 𝛽I(1) = 0.05, 𝛽A(2) = 𝛽I(2) = 0.9, 𝛿A = 𝛿I = 0.07,𝜇 = 1∕(60 ∗ 365),
𝜈 = 0.01, 𝛼 = 0.5, 𝛾 = 0.02. In Figure 3A, we have F1, F2 with parameters k1 = 4, 𝜃1 = 0.8 and k2 = 15, 𝜃2 = 0.8,
respectively. Consequently, m1 = 5 and m2 = 18.75, and

∑
r∈

𝜋rmr

(
𝛽(r) 𝛾 + 𝜇

𝜈 + 𝛾 + 𝜇
− (𝛿 + 𝜇)

)
= 4.8809 > 0.

FIGURE 2 Dynamical behavior of system (2) and the semi-Markov process r(t). The parameter values are
𝛽A(1) = 0.55, 𝛽I(1) = 0.5, 𝛽A(2) = 0.68, 𝛽I(2) = 0.58, 𝛿A = 0.3, 𝛿I = 0.4, 𝜇 = 1∕(60 ∗ 365), 𝜈 = 0.01, 𝛼 = 0.5, 𝛾 = 0.01. The parameters of F1

and F2 are k1 = 0.9, 𝜃1 = 0.8 and k2 = 2.5, 𝜃2 = 0.8, respectively. [Colour figure can be viewed at wileyonlinelibrary.com]
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20 OTTAVIANO

FIGURE 3 Dynamical behavior of system (2) and the semi-Markov process r(t). The parameter values are
𝛽A(1) = 𝛽I(1) = 0.05, 𝛽A(2) = 𝛽I(2) = 0.9, 𝛿A = 𝛿I = 0.07, 𝜇 = 1∕(60 ∗ 365), 𝜈 = 0.01, 𝛼 = 0.5, 𝛾 = 0.02. The parameters of F1 and F2 are,
respectively, (A) k1 = 4, 𝜃1 = 0.8 and k2 = 15, 𝜃2 = 0.8; (B) k1 = 15, 𝜃1 = 0.8 and k2 = 3, 𝜃2 = 0.8; and (C) k1 = 18, 𝜃1 = 0.8 and
k2 = 1, 𝜃2 = 0.8. [Colour figure can be viewed at wileyonlinelibrary.com]

Thus, the whole system is persistent in time mean. In Figure 3B, F1 and F2 have parameters k1 = 15, 𝜃1 = 0.8 and
k2 = 3, 𝜃2 = 0.8. Thus, m1 = 18.75 and m2 = 3.75, and∑

r∈
𝜋rmr

(
𝛽(r) 𝛾 + 𝜇

𝜈 + 𝛾 + 𝜇
− (𝛿 + 𝜇)

)
= 0.6506 > 0.

Here, we stay on average longer in the state where the epidemic will go extinct, with respect to case a. However,
although the system is persistent in time mean, the threshold value lowers a lot and the fraction of infectious symp-
tomatic and asymptomatic individuals have the time to decays in some time windows, and the susceptible to increases.
In Figure 3C, F1 and F2 have parameters k1 = 18, 𝜃1 = 0.8 and k2 = 1, 𝜃2 = 0.8, respectively. Thus, m1 = 22.5 and
m2 = 1.25, and ∑

r∈
𝜋rmr

(
𝛽(r) 𝛾 + 𝜇

𝜈 + 𝛾 + 𝜇
− (𝛿 + 𝜇)

)
= −0.0812 < 0.

Thus, in this case with the same parameters of cases a and b, we have that the disease will go extinct almost surely, in
the long run, stressing again the relevance of the mean sojourn times to stem the epidemic.

8 CONCLUSION

We have analyzed a SAIRS-type epidemic model with vaccination under semi-Markov switching. In this model, the role of
the asymptomatic individuals in the epidemic dynamics and the random environment that possibly influences the disease
transmission parameters are considered. Under the assumption that both asymptomatic and symptomatic infectious have
the same transmission and recovery rates, we have found a threshold value 0 for our stochastic model, for which if
0 < 1, the disease will go extinct almost surely, while if 0 > 1, the system is persistent in time mean. For the model
without restrictions, that is when the transmission and recovery rates of the asymptomatic and symptomatic individuals
can be different, we have two sufficient conditions for the almost sure extinction of the disease and a sufficient condition
for the persistence in time mean. However, the two regions of extinction and persistence are nonadjacent, but there is a
gap between them; thus, we do not have a threshold value dividing them.
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In the case of disease persistence, by restricting the analysis to two environmental states, under the Lie bracket condi-
tions, we have investigated the omega-limit set of the system. Moreover, we have proved the existence of a unique invariant
probability measure for the Markov process obtained by introducing the backward recurrence process that keeps track of
the time elapsed since the latest switch. Finally, we have provided numerical simulations to validate our analytical result
and investigate the role of the mean sojourn time in the random environments.

ACKNOWLEDGEMENTS

This research was supported by the University of Trento in the frame “SBI-COVID—Squashing the business interruption
curve while flattening pandemic curve” (Grant 40900013). Open Access Funding provided by Universita degli Studi di
Padova within the CRUI-CARE Agreement.

CONFLICT OF INTEREST STATEMENT

This work does not have any conflicts of interest.

ORCID

Stefania Ottaviano https://orcid.org/0000-0003-2319-8163

REFERENCES
1. W. O. Kermack and A. G. McKendrick, Contributions to the mathematical theory of epidemics—I, Bltn. Mathcal. Biol. 53 (1991), 33–55.
2. S. Ansumali, S. Kaushal, A. Kumar, M. K. Prakash, and M. Vidyasagar, Modelling a pandemic with asymptomatic patients, impact of

lockdown and herd immunity, with applications to SARS-CoV-2, Annu. Rev. Control 50 (2020), 432–447.
3. J. T. Kemper, The effects of asymptomatic attacks on the spread of infectious disease: a deterministic model, Bull. Math. Biol. 40 (1978), no.

6, 707–718.
4. E. J. Nelson, J. B. Harris, J. G. Morris, S. B. Calderwood, and A. Camilli, Cholera transmission: the host, pathogen and bacteriophage dynamic,

Nature Rev. Microbiol. 7 (2009), no. 10, 693–702.
5. S. Ottaviano, M. Sensi, and S. Sottile, Global stability of SAIRS epidemic models, Nonlinear Anal. Real World Appl. 65 (2022), 103501.
6. M. Peirlinck, K. Linka, F. S. Costabal, J. Bhattacharya, E. Bendavid, J. P. Ioannidis, and E. Kuhl, Visualizing the invisible: the effect of

asymptomatic transmission on the outbreak dynamics of COVID-19, Comput. Methods Appl. Mech. Eng. 372 (2020), 113410.
7. M. Robinson and N. I. Stilianakis, A model for the emergence of drug resistance in the presence of asymptomatic infections, Math. Biosci. 243

(2013), no. 2, 163–177.
8. N. I. Stilianakis, A. S. Perelson, and F. G. Hayden, Emergence of drug resistance during an influenza epidemic: insights from a mathematical

model, J. Infect. Dis. 177 (1998), no. 4, 863–873.
9. C. Serra, M. D. Martínez, X. Lana, and A. Burgueño, European dry spell length distributions, years 1951–2000, Theor. Appl. Climatol. 114

(2013), no. 3-4, 531–551.
10. M. J. Small and D. J. Morgan, The relationship between a continuous-time renewal model and a discrete Markov chain model of precipitation

occurrence, Water Resour. Res. 22 (1986), no. 10, 1422–1430.
11. S. Bonaccorsi and S. Ottaviano, A stochastic differential equation SIS model on network under Markovian switching, Stoch. Anal. Appl. 2022

(2022), 1–29.
12. A. Gray, D. Greenhalgh, X. Mao, and J. Pan, The SIS epidemic model with Markovian switching, J. Math. Anal. Appl. 394 (2012), no. 2,

496–516.
13. D. Greenhalgh, Y. Liang, and X. Mao, Modelling the effect of telegraph noise in the SIRS epidemic model using Markovian switching,

Phys. A: Stat. Mech. Appl. 462 (2016), 684–704.
14. Z. Han and J. Zhao, Stochastic SIRS model under regime switching, Nonlinear Anal. Real World Appl. 14 (2013), no. 1, 352–364.
15. D. Li and S. Liu, Threshold dynamics and ergodicity of an SIRS epidemic model with markovian switching, J. Differ. Equ. 263 (2017), no. 12,

8873–8915.
16. F. Wang and Z. Liu, Dynamical behavior of stochastic SIRS model with two different incidence rates and Markovian switching, Adv. Differ.

Equat. 2019 (2019), no. 1, 322.
17. D. Li, S. Liu, and J.-A. Cui, Threshold dynamics and ergodicity of an SIRS epidemic model with semi-Markov switching, J. Differ. Equ. 266

(2019), no. 7, 3973–4017.
18. G. Zong, W. Qi, and Y. Shi, Advances on modeling and control of semi-Markovian switching systems: a survey, J. Franklin Inst. (2021).

doi:10.1016/j.jfranklin.2021.07.056
19. D. Li and H. Wan, Coexistence and exclusion of competitive Kolmogorov systems with semi-Markovian switching, Discret. Contin. Dyn. Syst.

41 (2021), no. 9, 4145.
20. X. Cao, Z. Jin, G. Liu, and M. Y. Li, On the basic reproduction number in semi-Markov switching networks, J. Biol. Dyn. 15 (2021), no. 1,

73–85.

 10991476, 0, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1002/m

m
a.9122 by C

ochraneItalia, W
iley O

nline L
ibrary on [12/04/2023]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense

https://orcid.org/0000-0003-2319-8163
https://orcid.org/0000-0003-2319-8163
info:doi/10.1016/j.jfranklin.2021.07.056


22 OTTAVIANO

21. X. Zhao, T. Feng, L. Wang, and Z. Qiu, Threshold dynamics and sensitivity analysis of a stochastic semi-Markov switched SIRS epidemic
model with nonlinear incidence and vaccination, 2020. Discrete & Continuous Dynamical Systems-B.

22. L. Stettner: On the existence and uniqueness of invariant measure for continuous time Markov processes. LCDS 86–18. Providence, RI, 1986.
23. N. Limnios and G. Oprisan, Semi-Markov processes and reliability, Birkhauser, Boston, 2001.
24. Z. Hou, J. A. Filar, and A. Chen, Markov processes and controlled Markov chains, Kluwer Academic Publishers, Dordrecht, The

Netherlands, 2002.
25. I. Gikhman and A. V. Skorokhod, The theory of stochastic processes II, Springer Berlin, Heidelberg, 2004.
26. N. Bacaër and M. Khaladi, On the basic reproduction number in a random environment, J. Math. Biol. 67 (2013), no. 6, 1729–1739.
27. M. Benaïm, S. Le Borgne, F. Malrieu, and P.-A. Zitt, Qualitative properties of certain piecewise deterministic Markov processes, Annales de

l'IHP Probabilités et statistiques 51 (2015), no. 3, 1040–1075.
28. V. Jurdjevic, Geometric control theory, Cambridge University Press, Cambridge, 1997.
29. S. P. Meyn and R. L. Tweedie, Stability of Markovian processes III: Foster–Lyapunov criteria for continuous-time processes, Adv. Appl. Probab.

25 (1993), no. 3, 518–548.
30. R. K. Getoor, Transience and recurrence of Markov processes, Séminaire de Probabilités XIV 1978/79, Lecture Notes in Mathematics,

Springer, vol. 784, 1980, pp. 397–409.

How to cite this article: S. Ottaviano, Threshold dynamics of SAIRS epidemic model with semi-Markov switching.
Math. Meth. Appl. Sci. (2023), 1–22. doi:10.1002/mma.9122

 10991476, 0, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1002/m

m
a.9122 by C

ochraneItalia, W
iley O

nline L
ibrary on [12/04/2023]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense

info:doi/10.1002/mma.9122

	Threshold dynamics of SAIRS epidemic model with semi-Markov switching
	Abstract
	1 INTRODUCTION
	2 MODEL DESCRIPTION AND BASIC CONCEPTS
	2.1. The semi-Markov process
	2.2. Model description

	3 THRESHOLD DYNAMICS OF THE MODEL
	4 PERSISTENCE
	5 OMEGA-LIMIT SET
	6 INVARIANT PROBABILITY MEASURE
	7 NUMERICAL EXPERIMENTS
	8 CONCLUSION
	REFERENCES



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends false
  /DetectCurves 0.1000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize false
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage false
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Remove
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth 8
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /FlateEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth 8
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /FlateEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /PDFX1a:2001
  ]
  /PDFX1aCheck true
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError false
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (Euroscale Coated v2)
  /PDFXOutputConditionIdentifier (FOGRA1)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org)
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <>
    /CHT <>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF che devono essere conformi o verificati in base a PDF/X-1a:2001, uno standard ISO per lo scambio di contenuto grafico. Per ulteriori informazioni sulla creazione di documenti PDF compatibili con PDF/X-1a, consultare la Guida dell'utente di Acrobat. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 4.0 e versioni successive.)
    /JPN <>
    /KOR <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die moeten worden gecontroleerd of moeten voldoen aan PDF/X-1a:2001, een ISO-standaard voor het uitwisselen van grafische gegevens. Raadpleeg de gebruikershandleiding van Acrobat voor meer informatie over het maken van PDF-documenten die compatibel zijn met PDF/X-1a. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 4.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENG (Modified PDFX1a settings for Blackwell publications)
    /ENU (Use these settings to create Adobe PDF documents that are to be checked or must conform to PDF/X-1a:2001, an ISO standard for graphic content exchange.  For more information on creating PDF/X-1a compliant PDF documents, please refer to the Acrobat User Guide.  Created PDF documents can be opened with Acrobat and Adobe Reader 4.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /HighResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


